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Abstract This paper reviews the variance-gamma asset price model as well as its
symmetric and non-symmetric extensions based on generalized gamma convolu-
tions (GGC). In particular we compute the basic characteristics and decomposition
of the variance-GGC model, and we consider its sensitivity analysis based on the
approach of [8].
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1 Introduction

Lévy processes play an important role in the modeling of risky asset prices with
jumps. In addition to the Black-Scholes model based on geometric Brownian mo-
tion, pure jump and jump-diffusion processes have been used by Cox and Ross [5]
and Merton [13] for the modeling of asset prices. More recently, Brownian motions
time-changed by non-decreasing Lévy processes (i.e. subordinators) have become
popular, in particular the Normal Inverse Gaussian (NIG) model [1]), the variance-
gamma (VG) model [12] and [11], and the CGMY/KoBol models [4], [3].

The normal inverse Gaussian (NIG) process [1] can constructed as a Brown-
ian motion time-changed by a Lévy process with the inverse Gaussian distribution,
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whose marginal at time ¢ is identical in law to the first hitting time of the positive
level ¢ by a drifted Brownian motion.

The variance-gamma process [12], [11] is built on the time change of a Brownian
motion by a gamma process, and has been successful in modeling asset prices with
jumps and in addressing the issue of slowly decreasing probability tails found in
real market data.

The CGMY/KoBol models [4], [3] are extensions of the variance-gamma model
by a more flexible choice of Lévy measures. However, this extension loses some
nice properties of variance-gamma model, for example variance-gamma processes
can be decomposed into the difference of two gamma processes, whereas this prop-
erty does not hold in general in the CGMY/KoBol models.

In [6] the variance-gamma model has been extended into a symmetric variance-
GGC model, based on generalized gamma convolutions (GGCs), see [2] for details
and a driftless Brownian motion. In this paper we review this model and propose an
extension to non-symmetric case using a drifted Brownian motion.

GGC random variables can be constructed by limits in distribution of sums of
independent gamma random variables with varying shape parameters. As a re-
sult, the variance-GGC model allows for more flexibility than standard variance-
gamma models, while retaining some of their properties. The skewness and kurtosis
of variance-GGC processes can be computed in closed form, including the rela-
tions between skewness and kurtosis of the GGC process and of the corresponding
variance-GGC process. In addition, variance-GGC processes can be represented as
the difference of two GGC processes.

On the other hand, the sensitivity analysis of stochastic models is an important
topic in financial engineering applications. The sensitivity analysis of time-changed
Brownian motion processes has been developed and the Greek formulas have been
obtained by following the approach in [8]. In addition, the sentivity analysis of the
variance-gamma, stable and tempered stable processes has been performed in [9]
and [10] respectively. As an extension of the variance-gamma process, we study the
corresponding sensitivity analysis of the variance-GGC model along the lines of [9].

In the remaining of this section we review some facts on generalized gamma con-
volutions, (GGCs) including their variance, skewness and kurtosis . We also discuss
an asset price model based on GGCs and its sensitivity analysis.

Wiener-gamma integrals

Consider a gamma process (% )icr, » i.. (%):cr, is a process with independent and
stationary increments such that 9 at time ¢ > 0 has a gamma distribution with shape
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parameter ¢ and probability density function e *x'~! /I"(¢), x > 0. We denote by

/0 g(r)dy, (1)
the Wiener-gamma stochastic integral of a deterministic function
g: R+ — R+

with respect to the standard gamma process (¥ );er . , provided g satisfies the condi-
tion

/ log(1+g(1))dt < eo, (2)
0

which ensures the finiteness of (1), cf. § 1.2, page 350 of [7] for details. In particular,
there is a one-to-one correspondence between GGC random variables and Wiener-
gamma integrals, Proposition 1.1, page 352 of [7].

Generalized gamma convolutions

A random variable Z is a generalized gamma convolution if its Laplace transform
admits the representation

Ele %] = exp (—t/jlog(l—i—?),u(ds)) , u>0

where (t(ds) is called the Thorin measure and should satisfy the conditions
/ [logs|p(ds) < e and / s~ u(ds) < oo.
(0,1] (1,e0)

Generalized gamma convolutions (GGC) can be defined as the limits of independent
sums of gamma random variables with various shape parameters, cf. [2] for details.

In particular, the density of the Lévy measure of a GGC random variable is a
completely monotone function. From the Laplace transform of Z we find

Bz = | (),

and the first central moments of Z can be computed as
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E[(Z~E[Z)?) = [ u(an).

E[(Z—B(Z)) =2 [ u(n), ®

E[(Z—E[Z])*] = 3 (Var[Z])? + 6/ 4 (dr).
0
As a consequence we can compute the

E[(Z-E[Z)*] _2)5"t *u(dr)

Skewness[Z] = (VarZ)32  (VarZ])P2

and . - 4
B(Z—EZ)"] _,, o1 )
(Var[Z])? (Var[Z])?
of Z. We refer the reader to Proposition 1.1 of [7] for the relation between the in-

tegrand in a Wiener-gamma representation and the cumulative distribution function
of the associated generalized gamma convolution.

Kurtosis[Z] =

Market model and sensitivity analysis

As an extension of the model of [9] to GGC random variables we consider an asset
price process St defined by the exponent

St = Spexp <6/ g(s)dvs +TVTO + Zr +C(O,T)T> ,
0

of a variance-GGC process, i.e. [y g(s)d7; is a GGC random variable represented as
a Wiener-gamma integral, @ is an independent Gaussian random variable, (Z;),cr,,
is another GGC-Lévy process, and 6 € R, 7> 0, T > 0.

0
In section 3 the sensitivity =—IE[®(S7)] of an option with payoff & with respect

to the initial value Sy in a Varigri(:)e-GGC model is shown to satisfy
2 B[(5r)] = o E[@(5r)L]
dSo So
where
Ly — 28k 8(5)f*(s)dys J5" f(s)dy ~ T J5" f(s)ds +n©

(6 Jo 8(s)f(s)dys +Tv/Tn)? 0 5 g(s)f(s)dy+tvTn
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for any positive function f : Ry — (0,a) and 11 > 0. In Theorem 1 we will compute
this sensitivity as well as orther Greeks based on the model parameters 6 and 7.

The remaining of this paper is organized as follows. In section 2 we introduce
a model for Brownian motion time-changed by a GGC subordinator. The variance,
skewness and kurtosis of variance-GGC processes are calculated in relation with the
corresponding parameters of GGC processes, and several example of variance-GGC
models are considered. A Girsanov transform of GGC processes is also stated. The
sensitivity analysis with respect to Sp, 8 and 7 is conducted in section 3.

2 Variance-GGC processes

Given (W,);cr . a standard Brownian motion and 6 € R, ¢ > 0, consider the drifted
Brownian motion
B :=0t+0W, teR,.

Next, consider a generalized gamma convolution (GGC) Lévy process (G;)icr
such that G| is a GGC random variable with Thorin measure p(ds) on R;. We

define the variance-GGC process (th,e) tcR, as the time-changed Brownian motion
vo%:=BY°,  teR..

The probability density function of Yf’e is given by

1= Ix—9y|2> dy
60(x) = exp| ————— | i (y)—=, xeR,
o= 55 p( 22y )"0

where /i, (y) is the probability density function of Gy, cf. Relation (6) in [11].

The Laplace transform of th,e is

E [CXP (—uYf’eﬂ = /0 me’“yfy, (v)dy “)

2
_ (Gu— c;bt2>
o0 _ ~2.,2 2
= exp (—t/ log (1 + 6u6u/> /.L(ds)) )
0 s

where ¥, is the Laplace transform of G;.

This construction extends the symmetric variance-GGC model constructed in
Section 4.4, page 124-126 of [6]. In particular, the next proposition extends to
variance-GGC processes Relation (8) in [11], [12], which decomposes the variance-
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gamma process into the difference of two gamma processes. Here, we are writing Y;
as the difference of two independent GGC processes, i.e. ¥; becomes an Extended
Generalized Gamma Convolution (EGGC) in the sense of Chapter 7 of [2], cf. also
§ 3 of [14].

Proposition 1. The time-changed process Y; can be decomposed as
Yt = Ut - VVI;

where U; and W; are two independent GGC processes with Thorin measures |14 and
W which are the image measures of lL(dt) on R respectively, by the mappings

6 1 /62
sr—>B(s)::?+g ?+25, seRy,

6 1 /62
sr—>A(s):fg+g ngZs, seRy.

Proof. From (4), the Laplace tranform of ¥; can be decomposed as

E {exp (—uY,G’eﬂ =exp (—t/ooolog (1 - B?s)) (1 +A?s)> /.L(ds))
= exp (—t/ooolog (1 + ?ﬂ) u(ds) —t/ooolog <1 _ B&) u(ds))
— exp (t/:log (1+ g) 1A (ds) ft/omlog (1- g) yg(ds))

= Ele"U]E[e"W].

and

>

The Laplace tranform of ¥; can also be decomposed as

E [exp <7uY,G’9)} = exp (t /Omlog (l + g) Ua(ds) ft/omlog (1 — %) uB(ds)>

= exp (—t/owlog (1 + %) u_p(ds) —t/omlog (1 + g) /.LA(ds)) , (3)

where U_p is the image measure of ug by s +— —s, and in particular, ¥; is an ex-
tended GGC (EGGC) with Thorin measure s + y_p in the sense of Chapter 7 of

[2].

In the next proposition we compute the variance, skewness and kurtosis of
variance-GGC processes.

Proposition 2. We have

(i) Var[Y;] = 6*Var[G,] + 6*E[G1],
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E[(G1 —E[G1])’] +2(0/6)*Var[G1]
2(Var[G1] +(c/0)’E[G1])*/2

(ii) Skewness[Y|] = —

A (Var[G1])*/? 662 Var[G]
=~ SkewnesslGIl G I D2 T (Varn )2

[(G1 —E[G1])*] - 3(Var[G1])?
8(6%Var |G| + 62E[G1])?

E
(iii) Kurtosis[¥}] = 3 4 36*

+3392621E[(G1 —E[G1])%]/4+ o*Var[G]
(6%Var|[G1] + 02E[G])?
(Kurtosis[G1] — 3)(Var[G1])?
16(Var[Y;])?

=3+6*

196262 Skewness[G](Var[G1])*? _ o*Var[Gi]

4(Var([1])? (Var[¥])2"

Proof. Using the Thorin measure ts + U—p of ¥; and (3) we have
Var Y]] :/ ”A (dr) Jr/ ,LL g(dr)
0
- | = u(dt)+/ Fhla)
/ 92+t0'

= 62Var[G1] +02E[Gl],

and
B[4 B[] =2 [ +2 [ gl
:%/w 6° +60° ([932/62+2t)u<dt)
= %3113[(61 ~E[G1])*] + 862 Var[G)],
and

B(( - B[A])*) =6 [ ) +6 [ 14 plan

+3 (/0 t‘2u‘(dt)+/mt‘2u+(dt)>2

/ 0%+ (00)2(\/4 92/62+8t/2 +0%(\/462 /2 +81)*/2
2

(6)

(M

p(dr)
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© 02 +t0? 2
+3 (/0 t2,u(dt)>

3 1= 30% 1+ 66202 + 464> © 92 4102 2
-3 tan+3( u(an)

4 12
= 26°(E[(G1 — B[G1))") - 3(Var(G)?)
+§9262]E[(G1 —E[G\])’] +30*Var[G\] +3(6°Var[G\] + 6°E[G1])?,

and this yields (6) and (7). O

Girsanov theorem

Consider the probability measure Q; defined by the Radon-Nikodym density

dQZ, o e)LYT

o= E[elyr] _ (1 —l)aTe‘)LYT — e)LYTJraTlog(lf)L)’ A< 1, ®)

cf. e.g. Lemma 2.1 of [9], where Yr is a gamma random variable with shape and
scale parameters (aT,1) under P. Then, under Q;, the random variable ¥; has a
gamma distribution with parameter (aT,1/(1— A1), i.e. the distribution of ¥; /(1 — 1)
under P.

In the next proposition we extend this Girsanov transformation to GGC random
variables.

Proposition 3. Consider the probability measure Py defined by its Radon-Nikodym

derivative -
dPs elo f(s)dys

dP  E[e)o /()d%)
where f Ry — (0, 1) satisfies

/Omlog(i+]fc5§§>dt<oo. )

Assume that g : Ry — R satisfies (2), and

— oJo f(9)dv+ [g"log(1-£(s))ds

)

/()mlog(1+ug(s)ff(s))ds>foo, u>0.

Then, under Py, the law of [, g(s)dY; is the GGC distribution of the Wiener-gamma

integral
= g(s)
b e
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under P.

Proof. For all u > 0, we have

E@[ap(—ugwmwd%)]

oo

—E [exp (‘”/o g)an+ [ fls)an+ [ og(1 —f(S))dS)}

—E {exp ( | #- ug@)d%ﬂ exp ( | toe —f(S))dS>
exp ([ toe 1+ ug(s) - ls))as ) ex ([ tox1 61 as)
— exp (— /Ooolog (1 ¥ lu_g%)) ds)
sl )]
Note that (8) is recovered by taking g(s) = 1jg,471(s) and f(s) = Aljg r/(s) for

A €(0,1),ie. Gr = [, g(s)dYs is a gamma random variable with shape parameter
aT and we have

—aTl
—uGr] _ u — _711
Ep [e ]-(1—}-1_%) —E[exp< 1_1G7>],

u >0, A < 1. Next we consider several examples and particular cases.

O

Gamma case

In case the Thorin measure U is given by

(dr) = y5.(dr),

where &, is the Dirac measure at ¢ > 0 we find the variance-gamma model of [12].
Here, G;, t > 0, has the gamma probability density

x}/t—le—cx
=
I'(y)

with mean and variance yt/c and ¥t /c2, and G, becomes a gamma random variable
with parameters (¥, ¢). In this case, the decomposition in Proposition 1 reads

wo-(-) - (- ) ()

¢ (x) =

xeRy,
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and we have
ta(dt) = pp(dt) = v8 5 (d1),

thus (U;)er,, (W;)icr, become independent gamma processes with parameter
(v¢,v/2¢/ o). The mean and variance of U; are

E[Ul] = /Oool‘il[JA(dt) = %

and
Var[U1] — ]E[(Ul —E[Ul])z] = ./OiwlizﬂA(dt) = g

Symmetric case

When 0 = 0 we recover the symmetric variance-GGC process
Y, ::BG(GI)a reRy,

defined in Section 4.4, page 124-126 of [6], i.e. the time-changed Brownian motion
is a symmetric variance-GGC process. Here, ¥; is a centered Gaussian random vari-
able with variance 062G, given G;, where B? is a standard Brownian motion with

variance o2.

The Laplace transform of Y; in Proposition 1 shows that ¥; decomposes into two
independent processes with same GGC increments since L4 and pp are the same
image measures of i (dt) on Ry, by s — v/2s/0.

Variance-stable processes

Let (G;)icr, be a Lévy stable process with index parameter & € (0, 1) and moment
generating function h(s) = ¢ . In this section we consider a non-symmetric ex-
tension of the symmetric variance stable process considered in Section 4.5, pages
126-127 of [6]. The Thorin measure of the stable distribution is given by

w(dt) = o(r)dt = %Sin(aﬂ:)to‘_ldr,
cf. page 35 of [2]. By Proposition 1, ¥; can be decomposed as
Y =U—-W,

where U; and W; are processes with independent stable increments and Thorin mea-
sures
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oa—1
a(dr) = ga(0)dr = % sin(am)(0% +6) (;(m _9/c)— ;;) ar,

and

o—1

In the symmetric case 8 = 0 we find

200 200—1
2o i t dt,

2,2 :

ot oasin(ar
b (dr) = (1)1 = ) = gu(0)r = G (%51 ) = “ 7
i.e. V2U,;/o and v/2W, /o are stable processes of index 2c. Note that the skew-
ness and kurtosis of G; and Y; are undefined. Figure 1 presents a simulation of the
variance-stable process.

—200 — -

-400 - 4

_600 I I I I I I I I I
0 10 20 30 40 50 60 70 80 90 100

Fig. 1 Sample paths of variance-stable process with a = 0.99.

Variance product of stable processes

Here we take G| = A% *Xq where Z is a I'(7, 1) random variable and Xy, is a stable
random variable with index @ < 1. The MGF of G| is A(s) = (14 s%)?, cf. page 38
of [2], i.e. G| is a GGC with Thorin measure

1 you® lsin(ar)
d = d - -
p(dt) = o(t)dt m 1 +12% 4 2r%cos(ar)

)
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and Y; decomposes as
Y = Ui =W,

where U; and W, are processes of independent product of stable increment and
Thorin measures

ua(dr) = @a(1)dt
1 ya((ot+86/0)*/2—62/(262))* !sin(an)(c?t + ) J
T 721+ (011 0/0)2/2—62/(202))%% 1 2((o1 + 0/0)%/2 — 62/(202))% cos(am) "

and

up(dt) = p(1)dt
1 yo((ot—0/0)*/2—6%/(262))* 'sin(ar)(c?t — 6) 4
" w1+ ((or—6/0)2/2—6%/(202))2 +2((or — 6/0)2 /2 — 62 /262) % cos (o) !

In the symmetric case

Ha(dt) = @a(t)dt = pp(dt) = @p(1)dt

2.2 200.200—1 ;
o’t oY% on
oo — |dr = 4 sin(a) dr.
2 w(20-1 4 2-a-lgdapda 4 g2ap20 cos(qumT))

The skewness and kurtosis of G; and Y; are undefined. Figure 2 presents the corre-
sponding simulation.

200

_150 1 1 1 1 1 1 1 1 1

0 10 20 30 40 50 60 70 80 90 100

Fig. 2 Sample paths of variance-product of stable process with ¢ =0.99 and y = 0.2.
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3 Sensitivity analysis

In this section we extend approach of [8] to the sensitivity analysis of variance-GGC
models. Consider (B;);cr . a standard one-dimensional standard Brownian motion
independent of the Lévy process (Y;) te[o,) generated by

Yr ::/O g($)dys.

Let © be a standard Gaussian random variable independent of (¥;),¢[o,7]- For each
t € [0,T], we denote by .%; the filtration generated by ® and o(¥; : s € [0,]).

Let (Z;);cr, be a real-valued stochastic process in R independent of (Y;);cr,
and (B;);cr, . Finally we denote by and let Cj; (R ;RR) denote the class of n-time
continuously differentiable functions with bounded derivatives, whereas €, (R ;R)
denotes the space of continuous functions with compact support.

Given 0 € R and 7 € R we consider the asset price S7 written as
Sy = Soexp <6YT +1VTO +Zp +Te(6, r)) ,

where the function g(s) : Ry — R verifies (2).

Remark 1. When 6 = 0 the above model reduces to the standard Black-Scholes
model, and in case 6 # 0 we find the variance-GGC model by taking (Z;),c[0,7]
to be a GGC process.

For example, we can take the Wiener-gamma integral [;° g(s)d7; to be a stable ran-
dom variable and set Z7 to be another stable random variable, then the exponent of
S; is a variance-stable process. This example will be developed in the next section.

The next theorem deals with the sensitivity analysis of the variance-GGC model

with respect to Sp, 8 and 7, and is the main result in this section. Define the classes
of functions

GLR;R) :={f € CRR) & |f(x)] <C(1+|x|) for some C > 0},
and
n
D(R,;R) := {f:RJr%R Cf=Y afida, n>1,
k=1
ck €R, fi € €L.(R4;R), A intervals of R+}.

Theorem 1. Let ¢ € D(R;R). Assume that the law of Zr is absolutely continuous
with respect to the Lebesgue measure, with
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= 8(s)f*(s) _
/() log (1+(1—),f(s))k+l> ds < oo, k=1,2,3. (10)

Then

(i) (Delta - sensitivity with respect to Sy). We have

d

1
8S0E[CD(ST)] = %E[é(ST)LT]a

where

__ 20J5s(9f () Jo s )d% T J; f(s)ds+1O
(Gfé"g(s)f(S)d%Hﬁn) 6 [y 8(s)f(s)dys + VT

(ii) (sensitivity with respect to 8). We have

SrEle(sr)] = [oesr) (1 [“ethan— - [ e
+TSo gg (6,7) aiOE[qb(ST)L

oo

where Hy = 6/ g(s)f(s)dys +TVTn.
0
(iii) (Theta - sensitivity with respect to t). We have

d dc )

arE[d»(sT)}E[ (SOLVT ( HT)}TSO 2 (0.1) g5 EL2(S)]

(iv) (Gamma - second derivative with respect to Sg). We have

(92
TS%E[QS(ST)]
1 1 (IyHr —2(K7)*> NpHr —MrKy
‘S%E{‘p“”(“” 5 (s )]
1 0
_ST)TSO]E[(P(ST)]’
where

Kr=20 [ o) P Wdn, Mr= [ fo)an -1 [ s+ ne.

and

2
IT—69/g $)3dy, NT(/f §)dys— T/f ds+n@).
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Next we state two lemmas which are needed for the proof of Theorem 1.

Lemma 1. Assume that E[e*Y7T] < oo for some y > 1. Let f : R — (0,a) be a positive
Sunction and A € (0, €) for € < 1/a such that (10) holds. Fix 1 > 0 and suppose that
one of the following conditions holds:

(i) The density function of Yr = [ g(s)dY; decays exponentially, or
(i) E {e’lﬂ”%)yf} < oo forall 8 > 0.

Let also

S = Spexp (9/0 ﬁ&” + WVT(O+12)+Zr +c(6,7)7T),

Af(s)
and
HM = 7 1ogsi 9/ fls) (S EER ARl Hy =HY,
87L f(s)
and
() _ 9 pas) _ / (9)f2(s) L 0)
K —26 751 o Ky =K.
T at afly et B
Then we have the L*(Q)-limits
(A1)
K K
lim S7 B = SpHp and - tim —1—— = 2T
A—0 A—0 (H; f))z (Hr)

Proof. Forany A € (0,€), we have

sup E[|Skf HAD ‘2)/} <C IE{ nyf(a} [e 2}/ZT]
Ae(0.e)
= g(s)f(s gl - s
(0 i) oo )|

< ClE[ezyrﬁ@]}E[ 2YZT]
(/ 8(s d%+ffn> eXp(]zyﬁaI /Omg(S)d%ﬂ

x sup E
A€(0,€)

a
X sup ( > E
re(0,e) \ (1 —2a)?

SCﬂE[eZyrﬁ@] [ZYZT]
(/ g(s d%+f\fn> em(lzye /Omg(s)d%ﬂ,

() B

where C) is a positive constant. Under condition (i) or (if) above we have

E {YTz?’exp ( lzj/gaYTﬂ <E [exp (2}/(1 + 19&‘) YT)] < oo,
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2y0
and similarly we have E [eﬁYT} < oo, Finally, we have E[¢?Y”T] < oo by assump-

tion, and it is clear that E[e2""V7®] < oo Then \S M | is L?7(Q)-integrable,
hence (S} (Af >H (Af >) is uniformly-integrable since y > 1. Therefore, we have proved
that S( NH (M) converges to Sy Hr in L*(2) as A — 0.

Next, for any A € (0,€) we have

w EIKA) /(D21 < 20\ [~ 86\
S IR/ (B )y]ﬂZ(é’SEK(M )l (l—lf(S)Pd%)

<<<1—xa ) (s "”ﬂ it v ’
<((1—8a ) [(/ gls )zy] rj;n 2)/7

since E [( Jo g(s)d%)zy} is finite under Condition (i) or (ii) above. Therefore

(KM 1(HM N2 5 umformly integrable since y > 1, and this shows that K\ /(E{*) )2
converges to K7 /(Hr)? as A — 0in L?(Q). O

Lemma 2. Assume that E[e*Y?T] < oo for some v > 1 and that (10) holds. Suppose
in addition that one of the following conditions holds:

1. The density function of [ g(s)ds decays exponentially;
2.E HEZ)/(HBS)YT H < oo forall § >0, where Yr = [ g(s)dYs;

then for @ € €} (R, R) it holds that

(i) E [@'(S7)SrHr] = [(/ f6dn=T [ fs ds+n@) (S )],
(ii) E[®@'(S7)S7] = E[®(S7)L1],

i & | @/(57)5r [ e(ohtn| =& @65 (Lr [“eian - o [Te)r6an ) |

(iv) E[®@ (S7)SrBr] = VTE {(p(ST)LT ( - IZ)] :

(v) If in addition @ € ‘gﬁ(R+,R) and (10) is satisfied then we have

E[®" (S7)(Sr)*] +E[®'(S7)S7]

el (- (e )
Proof. We have

E[(®(57))°] < 2E[(P(St) — P(S0))*] + 2E[(P(S0))*]
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< 2E[(D(S0)) +2/ &' (S + (1 — r)S0))2 (St — So)2Jdr
< oo,

since @ € C}(R4;R). As for (i) we have

Py,

ZA s,
dP |7 (S7)

E [(D(S(T}Lf))} - (11)

where we define the probability measure P  via its Radon-Nikodym derivative

dP ¢ Mo f)dys  GAn®

_ _ AT ST [ og(1-A(5))ds+ i@~ 2
dP |7r  E[er )i f5)dn) E[eAne®)] )

where f: R — (0,a) and A € (0, €). In this way the GGC random variable [;”g(s)d s
and the Gaussian random variable ® under P, s are transformed to [y %d 7 and
® +nA under P.

d
First we prove that ﬁ]E {GD(S(TU ) )} exists and equals the left hand side of (i).
For every € € (—A,A) we have

@ (S?f)) —P(S7) b e e f) e f)
= D(S S H d
e /0 (S )8y T T

and by the Cauchy-Schwarz inequality we get

~(D(SE) = d(Sr)) — @ (Sr)SrHy

] 12)

/ E|¢/ rgf))s(ref)H(rsf) ¢(S )STHT]d

/ \/E (I)/ rsf \/E rsf rsf STHT) ]d

+ [ VB )~ @52 Bl P

)

From the boundedness and continuity of &'(S with respect to € in L*(R), we

hav
T E(@E) < and lim E[(&/(5}77)) = #/(57))?] = 0.

(1) g 1)

By Lemma 1 we get that Sy converges in L*(£). Finally, we take the limit

exists

o _ |dP
on both sides of (12) as € — 0. Next we prove that —E ZAr D(St)
A dP |7
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and equals the right hand side of (i).

For every € € (—A,A) the Cauchy-Schwarz inequality yields

1 dng dP, * ©
E [ c <dP|32T - dP|¢T> D(Sr) — (/0 f(S)dYs—T/O f(s)ds-i—n@) P (St)

< \El(@(sr)?]
2
[(i (%y%cﬁ),jﬁ) - (/()mf(S)d%T/()mf(s)dern@))

It is then straightforward to check that E[|®(S7)|?] < o and

% (exp (l/owf(s)d%—kT/owlog(l —lf(s))ds—l—ln@—lznzﬂ) - 1)

converges to

/Omf(s)dys - T/Omf(s)ds+ n®

in L2(Q) as A tends to 0 since A~ (e*Jo /)4% 1) converges to [;° f(s)dy, in
L?*(2) as A — 0. We conclude by taking the limit on both sides as A — 0.

For (ii) we start with the identity

g |27 _p[dhy  @lsp)
(D(S(Af))
First we prove that —E | —-T__2 | exists and equals the left hand side of (ii).
ar Hytf)

For every € € [-A,A] we have

1 (cp(s%ff)) . q><s‘T°>>> -/ A S S/ A et JO S0 S Sl
0 )

€ H;Sf) HT (H}ref))z

and by the Cauchy-Schwarz inequality we get

l D(St) B (P/(ST)ST(HT)z—(P(ST)KT (13)
€ Hr (Hr)?
E V«‘?f )S(rgf)(H;rgf))z—CD( (ref)) (ref) <P/(ST)S§~O)(HT)2—(P(ST)KT W

(H;r£_f))2 (HT)Z
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< ['VEi@ sy EsE —spRiar

+ [ VBI@ ) - @) Rl Plar

+/VEK¢ O RIVEIKE ()2 - K (2 Pldr

+ [ VBl @521 Bk /) lar

We have shown E[(@(S7))?] < o in the proof of (i). Then
E[@(S“”))Z] < 2E[((S{") = 57)%] + 2E[((S7))’]
< 2¢ / E[(@'(SY)sUE ) D2 dr 1+ 2E[(d(S7))?]

< 2&%sup | P’ (x)|* sup E[(S (T£f>H;8f))2] +2E[(D(S7))?] < o0,

xeR le|<A

where the Cauchy-Schwarz inequality and the Fubini theorem have been used for
the second inequality. The convergence of S( DH (Sf Jas e = 0in L*(Q) has been
proved in Lemma 1. Note that E[(® (ng f ))) ] <oo also implies

E(®(SE) - @(57)) =0  as  e—0.

By Lemma 1, we get K( f)/(H; f))2 converges to K7 /(Hr)? as € — 0 in L*(Q).
Taking the limit on both s1des of (13)as e — 0.

APy D(St)
dP ‘g’r HT
side of (if). For all p > 0 we have

exists and is equal to the right hand

2]
Next, that —E
€X1, we prove tha a )» [

o e s)f(s b
i) )= [ (o [ s VT ) AO)dy< (VT

where fj is the density function of [;° %d Y. Therefore, the moment is uni-
formly bounded.

We conclude as in the second part of proof of (i). The proof of (iii) — (iv) is
similar to that of (if). As for (iii) we have

A
o(si") [
o s

HED Sy T2 f(5)

E =E

Ty |

d P | 9,977‘ H T

For the first part, the existence of the derivative can be obtained as
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oo s el 2 ~ S ’
o[ e o) ] < [0 oo i)

<E [(klam/(;mg@)d%)z]

< oo,

<E

Similarly, /Ooo %d% converges to [5°g(s)f(s)dys in L?(Q) as A — 0. The
(Af)

second part is almost the same as (i) by uniform boundedness of H’

For (iv) we have

o] [apy  e(Sr)
(@+nA)E lHW) =OF | > 5 H

For the first part, the existence of the derivative follows from the fact that ® has a
Gaussian distribution. The second part is proved similarly.

Finally, for (v), define ¥(x) = @’ (x)x, and by the result of (ii) we have
E[®"(S1)(S7)*] = E[(¥'(S7) — @' (S1))Sr] = E[¥(ST)Lr] — E[®'(ST)S7]

Hence, we obtain the desired equation by differentiating

(Af)
AL | _ | 4Py Ly
E (p(ST )HZ(.)LJ‘)‘| - dP ’qu{)(ST)HT
atA =0. O

Now we can prove Theorem 1.

Proof. The proof of Theorem 1 uses the same argument as in the proof of Corol-
lary 3.6 of [9]. The only difference is that Sy is a variance-gamma process in the
proof of Corollary 3.6 of [9], while St is a variance-GGC process in this proof.

When @ € %bz (R4,R), all four formulas in Theorem 1 are direct consequences
of (if) — (v) in lemma 2, and we now extend this result to the class D(R4;R). In
general, in order to obtain an extension to @ in a class R, of functions based on
an approximating sequence (@, ),cn in a class R, C Ry, it suffices to show that for
each compact set K C R we have

sup |E[®,(S7)] —E[®(ST)]| — 0 as n— oo, (14)
SoeK

and
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J 1
I ——E[®,(S7)] — —E[®(ST)L7]| = 0. 15
Jim, sup |55, [8a(S7)] = 5 ElP(ST)L7] (1s)

The extension is then based on the above steps, first from €72(R.,R) to 6.(R4,R),
then to 6, (R+,R) and to the class of finite linear combinations of indicator func-
tions on an interval of R. Finally the result is extended to the class of functions @ of
the form @ = ¥ x 14 where ¥ € %1.(R;,R) and A is an interval of R, . This shows
that (14) and (15) are satisfied, and the details of each step are the same as in the
proof of Corollary 3.6 of [9]. U
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